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Abstract

We conduct a lab experiment that shows current rules regulating transplant centers

(TCs) and organ procurement organizations (OPOs) create perverse incentives that

inefficiently reduce both organ recovery and beneficial transplantations. We model

the decision environment with a 2-player multi-period game between an OPO and a

TC. In the condition that simulates current rules, OPOs recover only highest-quality

kidneys and forgo valuable recovery opportunities, and TCs decline some beneficial

transplants and perform some unnecessary transplants. Alternative regulations

that reward TCs and OPOs together for health outcomes in their entire patient

pool lead to behaviors that increase organ recovery and appropriate transplants.
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1 Introduction

Deceased donor organ transplantation is in turmoil. Over 110,000 Americans are wait-

ing for an organ transplant and over 5,770 died waiting for an organ in 2019. In the

same year, 5,957 recovered organs were discarded. There are multiple Congressional

investigations, and active proposals to improve regulations of deceased organ procure-

ment and transplantation, put forth by non-governmental agencies like the Federation of

American Scientists and the National Academies of Sciences, Engineering, and Medicine

(US Congress (2021), Federation of American Scientists (2021), NASEM et al. (2018),

NASEM et al. (2021)). These investigations and proposals look for ways to increase or-

gan transplantation, by increasing recoveries and reducing discard of already recovered

organs. The bulk of this discussion had been focused on the regulation and performance

measurement of organ procurement organizations (OPOs). Separate discussions have

occurred regarding performance monitoring of transplant centers (TCs). Among steps

taken to date are a major policy change to remove 1-year graft and patient survival stan-

dards as a TC re-certification requirement by the Centers for Medicare and Medicaid

Services (CMS) (HHS (2019)). Although OPOs and TCs interact with each other, these

regulatory discussions largely considered them separately.1 Since the incentives and op-

portunities facing OPOs and TCs are intertwined, such fragmented approaches might be

inefficient.

A deceased organ transplantation starts with a death. A hospital must contact its

local Organ Procurement Organization (OPO) about every patient’s death. This has

been required by law since 1998 (Administration (1998), Siminoff et al. (2001)). The

OPO will then obtain information to assess whether the deceased is eligible for organ

donation. Given limited resources, OPOs have to prioritize which cases to pursue and

which ones to pursue first. There are 57 OPOs in the US, each exclusively responsible for

recovering organs in their designated donor service area (Mone (2002)).2 These OPOs

are not-for-profit organizations.3

1The American Society of Transplantation is working with the American Society of Transplant Sur-
geons to review performance metrics but only focused on TCs (Phend (2020)), while groups like Feder-
ation of American Scientists and ORGANIZE are focused on OPOs (Rosenberg et al. (2020)).

2While Mone (2002) lists 58 OPOs, two OPOs in New England merged since.
3Held et al. (2021) found that OPOs generate millions of dollars in “profits” (or revenue in excess

of costs, sometimes referred to as net assets for not-for-profit organizations) annually and hold tens of
millions of assets. While not-for-profit in nature, executive pay at OPOs are often comparable with
healthcare sector executive pay and management is often incentivized to increase OPO profits for both
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Should an organ be recovered by an OPO, deceased organ allocation would happen

through the Organ Procurement and Transplantation Network (OPTN) platform and

offers of the recovered organ will be made to patients on waitlists maintained by TCs based

on pre-determined priority rules. TCs do not control the prioritization of patients on their

waitlists. What TCs have the freedom to do is to determine whether they want to reject

an organ offered for a particular patient on their waitlist, or advise that patient to accept

the organ.4 In practice, the decision whether or not to accept a kidney when it becomes

available to a patient is made predominantly by their transplant surgeon (Solomon et al.

(2011)).5 TCs are typically a part of a larger for-profit or not-for-profit health system or

hospital that relies on reimbursements (e.g., from performing transplants) as a source of

income.

There are two prominent areas where mis-incentives might drive undesirable OPO

and TC behavior. First, TCs are penalized (by the OPTN Membership and Professional

Standards Committee [MPSC]) for adverse health outcomes among patients who the TCs

transplant, but not for those who remain untransplanted on the waitlist. Specifically, TCs

that fail to meet the minimum standards for one-year post-transplant patient and graft

survival can face severe penalties. So, TCs might be incentivized to restrict transplants

to healthier patients using higher quality kidneys even when some sicker patients could

have benefited from a lower quality kidney, that is instead discarded. Second, while the

TCs are incentivized to be selective with kidneys offered to them by OPOs, the OPOs

are incentivized to avoid recovering kidneys that will be declined by TCs. That could

induce OPOs to forgo opportunities to recover organs from donors who are unlikely to

yield readily accepted organs, especially deceased donors who fall along the margins of

what qualifies the deceased as eligible donors.

We use a lab experiment to investigate how a holistic approach that focuses on align-

ing OPO’s and TC’s interests to promote population health might offer a better design

the solid organ (kidneys, livers, hearts, lungs, etc.) recovery operations and for the more financially
lucrative tissue recovery business.

4TCs can manipulate who is on their waitlist but for simplicity we speak of waitlist and the transplant-
eligible patient pool interchangeably here. However, we recognize that a patient pool measure that is
not easily manipulable by TCs will be necessary for actual policy design: see the concluding discussion.
Also, for convenience, we speak of the waitlist as if it represents the whole pool of transplant-eligible
patients. However, we will note in the conclusion that a non-manipulable measure of transplant-eligible
patients remains to be constructed.

5Often patients are not told when an organ is declined on their behalf, even after the fact Husain et
al. (2019)). This is also the reason why previous efforts in the economics literature to model the kidney
accept/reject decision have modeled it as a surgeon decision alone (see for example, Howard (2002)).
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for organ transplant regulation. We focus on procurement and transplantation of kid-

neys. We show that moving from the current fragmented regulation to holistic regula-

tion where TCs and OPOs are jointly rewarded for health improvements for all patients

(transplanted or waitlisted but not transplanted) can shift the organ recovery and trans-

plantation rates. We also look at the nature of these shifts to see whether they benefit

patients on average and whether the forgone recovery or transplantation opportunities

could have benefited patients. While no actual transplantation takes place in our ex-

periment, the decision architecture approximates the environment that OPOs and TCs

face. Besides providing clean identification and counterfactuals, our experiment also lets

us observe outcomes analogous to important outcomes that are typically unobservable

in the wild. For instance, we are generally unable to observe unrecovered kidneys, or

whether discarded organs could have benefited some transplant candidates, but we can

observe the analogous outcomes in our experimental setting.

We adopt a simplified representation of the OPO-TC dynamic in a lab setting to rep-

resent the interactions between one OPO and one TC where the former decides whether

to recover two kidneys from a deceased donor, and the latter (if the kidneys are recovered)

gets the option to perform kidney transplants with two kidney transplant candidates (one

sicker and riskier, and one healthier and safer).

To simulate the effects of different incentive systems, we compare player behavior

across status quo and holistic regulation conditions. The conditions differ in how payoffs

are determined for the players. The instructions to subjects are stated in abstract terms

(involving red and blue balls in urns or jars), not in terms of patients and organs. The

risks associated with transplanting a particular kidney into a particular patient are based

on the risk profiles of both patient and kidney.

Comparing the average behavior of the players across the conditions, we can assess

whether there is evidence for shifts in the behaviors representing organ recovery and dis-

cards under alternative incentive schemes. Second, we can review the true qualities of the

“kidneys” and “patients” to assess whether some forgone recoveries and/or discards could

have improved the underlying probabilities of patients getting “good health outcomes.”

Our experiment also allow us to evaluate the policy impact on the health outcomes in

our experiment. We deliberately use the term “good health outcome” to broadly rep-

resent desired health outcomes to include not just one-year graft survival but outcomes
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like more patient quality-adjusted life years (QALYs) or a broader set of outcomes that

include improved QALYs across multiple stages of the patients’ life-cycle of care as well

as financial benefits.

We have several main findings. First, more kidneys are recovered and offered but dis-

cards do not rise under the holistic regulation condition, so more kidneys are transplanted.

This suggests that the incentives under the current regulatory regime might be inducing

OPOs to under-recover kidneys and TCs to over-discard recovered kidneys. Second, there

are significant differences between conditions in recovery and discards that are “missed

opportunities” that could have helped some patients. Third, there is evidence for gains

in good health outcomes under the holistic regulation relative to the status quo. Health

benefits are particularly pronounced for the sickest and healthiest transplant candidates

- there are more helpful transplants for sick patients and fewer inappropriate transplants

for healthier patients.

The problems and limitations of regulatory enforcement of performance standards

in organ transplantation using simple metrics have been widely debated in the clinical

community.6 While an exhaustive literature review is beyond the scope of this paper, we

note that problems with this metric-based regulation approach have been well understood

in the transplant literature (Chandraker et al. (2019)). In economics, Stith and Hirth

(2016) examine the effects of the 2007 CMS implementation of Conditions of Participation

quality standards based on 1-year post-transplant outcomes on TC strategic behavior.

More kidney transplant candidates were removed from the waitlist for being “too sick” and

fewer kidney transplants were undertaken following a TC’s breaching of CMS’s quality

tolerance band relative to those that did not. However, little is known about whether and

how TC post-transplant metric-based regulations and/or OPO regulations that impose a

standard on donors per “eligible death referral” affect OPO recovery activities or strategic

behaviors.

Our study is the first to evaluate the potential impact of regulations on OPO and TC

behavior together, and provide evidence for the potential benefits of a holistic regulatory

approach.

Kessler and Roth (2012) and Kessler and Roth (2014) study how changes in the
6Examples of this work include but are not limited to: Schold et al. (2010); Schold et al. (2013a);

White et al. (2015); Schold et al. (2019); Schold et al. (2013b); Schold and Howard (2006); Buccini et al.
(2014); Weinhandl et al. (2009); Howard et al. (2009); Abecassis et al. (2009); Massie and Segev (2013);
Kasiske et al. (2019); Goldfarb (2020).
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rules governing organ waiting lists might impact potential donors’ decision to register

as an organ donor.7 Here, we propose a novel laboratory game design that can provide

a foundation for future research on the market design and regulations surrounding the

supply chain for transplantable organs. This paper follows the tradition of market design

experiments that proved to be an important way for economists to communicate with the

participants in and administrators of a market being studied. Studies by Kagel and Roth

(2000), McKinney et al. (2005), Chen and Sönmez (2006), Bolton et al. (2013), Kagel

et al. (2010), Kagel et al. (2014), Goeree and Lindsay (2020), and Budish and Kessler

(2022) are all experiments on market design that had direct effects on the adoption and

implementation of market designs involving medical residents, gastroenterology fellows,

school choice, eBay reputation mechanisms, bandwidth auctions, and course allocation.

In the case of studying market design for organ transplantation, our lab experiment offers

a simple platform where we can study the impact of different incentive architectures

presented by current and counterfactual regulatory regimes on the action of actors who

have a natural bias for action.

Action bias describes people’s tendency to favor action over inaction, sometimes to

their detriment. Such a natural bias for action has been documented in and out of the

laboratory (Ledyard (1995), Patt and Zeckhauser (2000), Zeelenberg et al. (2002), Bar-

Eli et al. (2007), Sunstein and Zeckhauser (2011)). It is reasonable to model hospitals

that opt into having a transplant operation as agents who exhibit action bias, just as

others have in other healthcare provider settings (e.g., Kiderman et al. (2013)). This bias

might have translated to risky actions (e.g. risky transplants) that led to bad outcomes

and occasional penalties from UNOS, payers and other regulatory bodies. That is, the

current regulations of TC’s are designed to push back against this bias for action. Thus,

using lab experiment participants who similarly exhibit action bias allows us to bring

behavior absent from simple economic models to our experiment to model the players in

transplantation.

The paper is organized as follows. Section 2 provides a brief overview of the policies

and incentives facing the US deceased-donor organ transplantation industry. Section 3

describes the experiment and empirical strategy. It includes a replication of the original

experiment with different treatment parameters, to separate the effect of differing param-
7Those studies were followed by field studies of how such changes played out in Israel (Stoler et al.

(2017), Stoler et al. (2016)). It also led to a subsequent literature (e.g., Herr and Normann (2016)).
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eters from the effect of aligning the incentives of TCs and OPOs. Section 4 describes the

data and presents the key results. Section 5 discusses the implications of this study for

the transplantation policy and concludes.

2 Background: Organ Transplantation Policy Today

2.1 Transplant Center Regulations

TC regulation has gone through a few iterations. The Transplantation Amendment

Act 1990 led to the first publicly reported transplant center-specific report from United

Network for Organ Sharing (UNOS) and OPTN in 1992 (reporting results from October

1, 1987 to December 31, 1989). In 1993, the OPTN/UNOS Board of Directors approved

using center-specific reports to “flag” programs for poor performance but it was not until

1997 that OPTN MPSC published a method for “flagging” underperforming transplant

programs (Kasiske et al. (2019), Jay and Schold (2017), Chandraker et al. (2019), Luskin

and Nathan (2015)).

A major shift in TC incentives came when the 2007 CMS regulations for transplant

programs were published in the Final Rules for Approval and Reapproval. Under these

rules, a minimum standard was set for 1-year post-transplant patient and graft survival

as conditions for center certification and maintenance of funding with CMS. At the same

time, the OPTN MPSC published similar but not identical 1-year post-transplant metrics

to “flag” TCs. Based on this, the OPTN can designate a TC as a member-not-in-good-

standing and impose costly peer reviews while jeopardizing TCs’ center of excellence

designations with private insurers. A loss of center of excellence status can spell a loss of

privately insured patients and drop in reimbursements. In October 2019, CMS eliminated

one-year post-transplant outcome requirements as a condition of Medicare recertification

of TCs (HHS (2019)) but OPTN continues to impose outcomes standards. As of the

end of 2021, OPTN continues to analyze and publish detailed data on one-year post-

transplant performance and can recommend that a TC be shut down for not meeting

performance benchmarks (Phend (2020)).

The use of a single metric, one-year post-transplant graft and patient survival, for

identifying under-performing transplant programs by various bodies is not without its

critics. Reliance on a metric that focuses only on two outcomes of patients selected into
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transplantation but ignores patients who remain on the waitlist, strongly disincentivizes

the use of imperfect organs. Although the MPSC recognizes the need to evaluate multiple

phases of transplant care and not just look at post-transplant, short-term outcomes,

reforms to this approach to performance management for TCs remain at discussion stages

as of late 2021 (OPTN and Network (2021)).

2.2 Organ Procurement Organization Regulations

CMS evaluates and recertifies OPOs every 4 years. Recertification is based on compliance

with two outcome measures that proceed from the donor conversion metric (how often do

“eligible” deceased patients become potential donors) and the yield metric (how often are

donated organs actually transplanted). The donor conversion and yield metrics in their

current formulation were adopted in 2000.8 While no OPO in the last 20 years has been

decertified for poor performance, LiveOnNY was threatened with a shutdown in 2014 and

then again in mid-2018 due to poor performance scores for nearly a decade and organ

recovery rates that were among the lowest in the nation (Kindy and Bernstein (2019)).

OPOs can also incur significant costs associated with review and quality improvement

initiatives, which can both be triggered by bad performance metrics.

One aspect of these metrics that has been particularly controversial is the “eligible

deaths” denominator of the main OPO metrics. “Eligible” referrals are determined to be

medically suitable if the patient has been declared brain dead, on a ventilator, and does

not have any of a defined list of medical diagnoses that preclude organ transplantation.

The number is reported by the OPOs, and some commentators (Goldberg et al. (2017),

Rosenberg et al. (2020)) argue that this gives OPOs the room to cherry-pick deceased

donors to recover, passing over potential donors whose organs are likely not acceptable

to TCs. A 2011 OPTN review of OPOs reports “large inconsistencies and variations in

how OPOs reported [eligible deaths] data” (Luskin and Nathan (2015)).

While the degree of manipulability of reported “eligible deaths” numbers remain con-

troversial, it is clear that regulation of OPOs based on the two metrics in their current

form can inadvertently offer incentives to under-recover organs. First, “eligible” does not

include Donation after Circulatory Determination of Death, which makes up 15 − 20% of
8The same 2000 legislation also established the donor service area monopolies and extended OPO

recertification from two to four years to recognize that small OPOs had significant swings in donation
potential year to year and to give time for performance improvement efforts to mature.
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actual donors today. It also does not include older donors over 75, who could potentially

benefit some transplant candidates (Aubert et al. (2019)), especially older candidates or

candidates who expect a longer wait time for a kidney. Second, the decisions to put

a patient on a ventilator and to invest the neurology resource to declare brain death

can be influenced by multiple parties, including the OPO. A risk averse decision maker

might want to make decisions that lower the odds that a donor on the margin of being

acceptable to TCs for transplantation is declared brain dead in time (before their heart

stops).

More importantly, reliance on the donation rate and transplantation rate metrics to

judge OPOs neglects a key driver of OPO behavior: TCs’ propensity to accept and use an

organ for transplantation. OPOs have little incentive to recover organs from a deceased

donor if those organs will not be accepted by any TC. Regulating OPOs without aligning

TC’s interests with increased organ recoveries creates fragmented incentives that may

lead to inefficiencies.

On November 20, 2020, President Trump’s Executive Order on Advancing American

Kidney Health led to a new CMS final rule that updates OPO Conditions of Participation

(Trump (2019), Lentine and Mannon (2020), HHS (2020)). Beginning in 2022, the “eli-

gible deaths” denominator will be replaced by the number of organ donors in the OPO’s

donor service area as a percentage of inpatient deaths among patients 75 years old or

younger with a primary cause of death that is consistent with organ donation. This final

rule will also impose stringent re-certification requirements including one that designates

OPOs with below-median donation rate and transplantation rate measures as a Tier 3

OPO. Tier 3 OPOs will be decertified and will not be able to compete for any other open

donor service area contracts.

Whether these new OPO regulations will be constructive is unclear. Donors mak-

ing donations after circulatory determination of death and donors over 75 are still not

included in the metrics’ denominator and recovery efforts targeting them therefore not

directly incentivized. The regulation of TCs remain not directly aligned with that of

OPOs.

In summary, as of late 2021, TCs and OPOs face separate incentives. TCs face

incentives to get good post-transplant health outcomes for candidates that they can

select into receiving a kidney transplant, but no direct incentives to improve the health
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of those who remain untransplanted on their kidney waitlist. OPOs face incentives to

have few recovered-but-not-transplanted organs, and hence not to recover all possible

organs, especially organs from older donors who will not enter the denominators of the

OPO performance metrics. OPOs might also limit the resources devoted to recovering

from donors likely to yield organs of a lower quality that might not meet the acceptance

thresholds of risk averse TCs. We explore the consequences of such incentives in our lab

experiment.

3 Experimental Design

We model the decision environment facing OPOs and TCs with a 2-player multi-round

game. In the game, urns containing either red or blue balls represent patients, jars

containing red or blue balls represent kidneys, the mixing of the balls from a jar into an

urn represents a kidney transplantation, blue (red) balls represent a good (bad) health

outcome, and the drawing of a ball from an urn (mixed with a jar or not) represents the

manifestation of the health outcome.

Each pair of subjects plays 10 rounds of the game. Upon arrival to the game with

another subject, each subject is randomly assigned a role as either Player 1 or Player 2.

At the beginning of each round, Player 1 will receive a pair of identical jars (which can be

thought of as a pair of kidneys from a deceased donor but are presented to subjects only

as jars of balls) and Player 2 will receive 2 non-identical urns (representing two different

patients on the transplant waitlist). The jars and the urns each have 100 balls at the

beginning of each round, each ball is either blue or red. The percentage of balls that are

blue in an urn can be thought of as the baseline probability of survival or good health

outcome by other measures for a patient. One of Player 2’s urns has a lower expected

number of blue balls than the other. This could be thought of as the situation where a

TC has sicker and healthier patients on the waitlist.

In each round, Player 1 chooses whether to offer his pair of jars to Player 2.9 The

round ends if Player 1 chooses not to offer Player 2 the pair of jars. Player 1 can only

offer two jars or none. If Player 1 offered the pair of jars to Player 2, Player 2 makes a
9Subjects in our experiment may include individuals who identify with different genders across the

gender spectrum. For expository purposes, we will use he/him pronouns for player 1 (player representing
the OPO), and use she/her pronouns for player 2 (player representing the TC).
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decision to either decline the jars, mix all the balls from one of the two jars into only one

of her urns, or mix all the balls from each of the two jars into each of her urns (one jar into

each urn). Think of Player 1’s decision as a rough representation of an OPO’s decision

to recover kidneys after getting a referral for a potential eligible deceased donor: offering

a pair of jars can be interpreted as declaring a deceased person eligible for donation and

recovering their two kidneys. Think of Player 2’s decision as a representation of a TC’s

decision to accept one or both kidneys for transplantation or not. See Figure I for a

schematic of the stage game.

Insert Figure I about here.

One ball is drawn from each one of Player 2’s urns at the end of each round. Trans-

plants can change the risk of a red ball, by mixing the jar (kidney) with the urn (patient).

If Player 2 mixed the balls in a jar into one of her urns, the draw from that urn is made

after the balls from the jar were mixed in (ie. the health outcome is assessed post-

transplant). This is a highly simplified representation of the manifestation of patient

outcomes: if a red ball is drawn from an urn, it is akin to a bad health outcome for the

patient represented by that urn.

3.1 Information Available to Players

We are modeling the OPO’s information at the point of deciding whether to recover

kidneys from a deceased person, i.e. before the surgical recovery has taken place, and the

TC’s information after examining the patients and the recovered kidneys.

It is common knowledge to both players that there are 2 types of urns (“High Blue”

and “Low Blue”) and 2 types of jars (“Low Quality” and “High Quality”). Player 2

will have one urn (patient) of each type in every round while Player 1 will get a pair of

identical jars.

In each round, Player 1 will not be able to observe the exact number of blue balls

in each of the jars that he received but will be told whether he received a pair of “High

Quality” or “Low Quality” jars for that round, each with probability 1/2. A “High

Quality” jar has a number of blue balls (out of 100) drawn from a uniform distribution

U [70, 100] whereas a “Low Quality” jar has a number of blue balls (out of 100) drawn

from a uniform distribution U [0, 70]. Player 1 is also aware that Player 2 has an urn of
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each type. He knows that a “High Blue” urn has a number of blue balls (out of 100)

drawn from a uniform distribution U [40, 100], and a “Low Blue” urn has a number of

blue balls (out of 100) drawn from a uniform distribution U [0, 60]. While he knows that

Player 2 will have an urn of each type, he will neither observe nor receive any signals

about the exact number of blue balls of either of her urns.

Unlike Player 1, Player 2 can see the actual number of blue balls in the jars as well

as the actual number of blue balls in each of her urns before making any decisions in

each round. This is a simplified way to represent the knowledge that a TC has about the

transplant candidates, and kidneys already recovered from a deceased donor and offered

to the TC.10

It is common knowledge to both players that at the time of decision Player 1 can only

observe jar and urn types while Player 2 can observe the exact number of blue and red

balls in each jar and urn.

The actual instruction screens are in the online Appendix.

3.2 Control and Treatment Conditions

Pairs of subjects are randomly assigned at the beginning of the game to have either a

payoff scheme that represents the status quo rules governing OPOs and TCs or a payoff

scheme that represents our proposed holistic regulatory rules. The former rewards (pe-

nalizes) OPOs for TC-accepted (TC-declined) kidneys from deceased donors declared by

OPOs to be eligible and rewards (penalizes) TCs for good (bad) patient health outcomes

for transplants that TCs chose to carry out by accepting a kidney. In contrast, the pro-

posed holistic approach emphasizes aligning the interests of OPOs and TCs by rewarding

each of them for improvements in good health outcomes among both patients selected

for a transplantation and patients who remain on the waitlist.

In the status quo condition, subjects are paid based on different payoff schemes. For

each round, Player 1 earns $0.10 by offering two jars that were subsequently both accepted

by Player 2, gets a $0.30 penalty by offering two jars that were subsequently both declined

by Player 2, and gets $0.00 by either not offering the jars at all or offering two jars when

only one jar was accepted by Player 2.11 For each round, Player 2 earns nothing if Player
10Information about recovered kidneys can include the report of the recovering surgeon, photos, biop-

sies, etc.
11By giving equal payoffs to the OPO for not recovering one or for recovering two and having one

12



1 did not offer the jars or if she declined both jars, earns $0.25 by mixing a jar with an

urn and drawing a blue ball from the mixed urn, and gets a $1.00 penalty instead if a

red ball was drawn from the mixed urn.12 Under these payoffs where Player 2 is paid

only if she mixed jars and urns, it is sometimes income-maximizing for Player 2 to mix a

jar with fewer blue balls (lower quality) into an urn as long as the mixed urn still yields

a high enough chance to draw a blue ball (notice that this “makes an urn worse” and

can be thought of as an inappropriate transplant: the patient’s expected health outcome

would be better in the absence of a transplant.).13

In the holistic condition, both subjects are paid based on the number of blue and

red balls drawn from both urns in each round. For each round, Player 1 earns $0.16 for

each blue ball drawn from the urns whether mixing happened or not. He gets an $0.08

penalty for each red ball drawn from the urns. Player 2 earns $0.20 for each blue ball

drawn from the urns whether mixing happened or not. She gets a $0.10 penalty for each

red ball drawn from the urns.

Note that, while in the status quo condition only the health outcomes of transplanted

patients are used for the determination of TC payoffs, in the holistic condition health

outcomes of both patients determine payoffs every period.

In practice, if we want to make TCs responsible for an entire patient pool attributed

to them, it would be unreasonable to penalize them at the same level for a death or a bad

health outcome for every patient as is presently done for transplanted patients (since not

all patients can be transplanted, and untransplanted patients will inevitably experience

a substantial rate of bad health outcomes). The lower penalty for red balls drawn from

urns at the end of each round of the holistic condition reflects this intuition.

That said, keep in mind that for this treatment of the experiment, we are not only

changing from status quo to holistic incentives, but also changing the payoff parameters

for TCs. We will return to this later, when we replicate both conditions with different

parameters.

discarded (kidney declined by the TC), we remain agnostic about the relative costs of unrecovered
versus discarded kidneys, both of which are subjects of considerable controversy (Recent Senate hearings
(in 2022) have focused on discard kidneys, while Aubert et al. (2019) address the issue of unrecovered
kidneys in the US as compared to France).

12In other words, Player 2 gets a $0.50 reward for mixing jars into both urns and drawing blue balls
from both, a $0.75 penalty for mixing jars into both urns and drawing a blue ball from one and a red
ball from the other, and a $2.00 penalty for mixing jars into both urns and drawing red balls from both.

13For example, in an actual TC, a patient could sometimes be better served if the present organ were
rejected and instead the patient waited for a better offer.
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Subjects are told exactly how many rounds they would play the game, as well as the

payoff scheme for both themselves and the other player with whom they are playing the

10 rounds of the game. At the end of each round, subjects are informed of the payoffs

they received for that round as well as what the other player received for that round.

Both players are presented with a table to help them keep track of actions taken by both

players and their respective earnings from each of the previous and current rounds.

All experimental sessions were conducted online using US-based subjects recruited

via the Prolific platform. Batches of subjects were given a 10-minute window to show up

and participate in the game. Subjects’ basic demographic information were collected as

they arrived, and then admitted to a waiting room. They are then paired off based on

arrival time to the waiting room to play 10 rounds of the game.

3.2.1 Theoretical Predictions

In this section, we describe the subgame perfect equilibrium under expected income

maximization by both players as well as the optimal response by the first player given

the actual behavioral response of the second player.

Insert Figure II about here.

First, consider the status quo condition. Consider Figure II as we work backwards

from Player 2’s optimal strategy. An expected income maximizing Player 2 will only

mix a jar into the urn if the proportion of blue balls in the mixed urn is high enough.

Let #(Blue) denote the number of blue balls in a mixed urn (with 100 balls from a jar

and a 100 balls from an urn), each possible #(Blue) given a combination of urn and jar

types is represented by a point on a graph in Figure II. As both urns and jars are drawn

from uniform distributions, each point on a graph is equally likely to be drawn given

the specific jar and urn types depicted by that graph. Player 2 would prefer mixings

(transplants) represented by points to the Northeast on the graph. An expected income

maximizing Player 1 will mix a jar into an urn if:

0.25#(Blue) ≥ #(Red) = 200 − #(Blue) (1)

where #(Red) is the number of red balls (out of 200). Therefore, Player 2 will use a

threshold rule of mixing if the mixed urn will have #(Blue) ≥ 160. The transplants that
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are accepted to an expected income maximizing Player 2 are represented by the (green)

shaded areas in Figure II.

Reviewing the top panel of graphs in Figure II, we can see that an expected income

maximizing Player 2 would leave jars unused in most cases (as represented by the small

shaded areas for most of the graphs on the top panel). Reviewing the first two graphs on

the top panel, we can see that Player 2 will mix a High Quality jar into a High Blue urn

less than 42% of the time and into a Low Blue urn less than 1% of the time. Reviewing

the last two graphs on the top panel, we can see that Player 2 will mix a Low Quality

jar into a High Blue urn less than 2% of the time and never into a Low Blue urn.

Next we work backwards and evaluate what Player 1 would do under the status quo

condition. Let Pr(Accepted = x) denote the probability that Player 2 will accept x of the

2 offered jars. Given Player 2’s optimal strategy, an expected income maximizing Player

1 will only offer if:

0.1 Pr(Accepted = 2) ≥ 0.3 Pr(Accepted = 0). (2)

Given Player 2’s optimal strategy, we have Pr(Accepted = 2) < 1% < Pr(Accepted =

0). This makes the expected income of Player 1 strictly negative whenever he recovers a

pair of jars. Therefore, Player 1’s optimal strategy is to never recover any jars.

If all players are maximizing expected income perfectly and it is common knowledge

that they do, we would expect that very few transplants would be performed from recov-

ered organs in the status quo condition and no organs would be recovered as a result.

The subgame perfect equilibrium looks different in the holistic condition. To see this,

lets first consider Player 2 again. Player 2’s optimal strategy is now represented by the

middle panel of graphs in Figure II. Intuitively, Player 2 mixes a jar into an urn whenever

it can improve the odds of drawing a blue ball from the resultant urn, Player 2 would

prefer mixings (transplants) represented by points Southeast of the line where the number

of blue balls are the same for the jar and the urn on the graph.

Reviewing the first two graphs on the middle panel in Figure II, we can see that Player

2 will mix a High Quality jar into a High Blue urn most of the time (75%) and into a Low

Blue urn 100% of the time. Reviewing the last two graphs on the middle panel, we can

see that Player 2 will mix a Low Quality jar into a High Blue urn about 11% of the time

and into a Low Blue urn about 58% of the time. Player 2 will mix 1.2 jars per round on
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average (1.8 if the jars are High Quality and 0.7 if the jars are Low Quality).

Player 1 wants Player 2 to have the option to increase the chance of a blue ball being

drawn at the end of each round. Given Player 2’s optimal strategy, Player 1 can only

weakly reduce his expected income by not offer the jars and offering the jars is a dominant

strategy, regardless of jar quality.

We get the following for expected income maximizing players:

Proposition: In the subgame perfect equilibrium under the assumption that players max-

imize expected income, jars are never recovered by Player 1 (OPO) under the status quo

condition and jars are always recovered under the holistic condition, Player 2 (TC) will

perform no mixing (transplants) under the status quo condition but 1.2 mixes will be

conducted per round under the holistic condition.

Neither actual transplant centers nor experimental subjects are robots who maximize

expected income perfectly. An important deviation from expected income maximization

is action bias, already discussed briefly in the introduction. Based on results from our pilot

experiments,14 we see much higher rates of transplantation (mixing) than expected under

the status quo condition, offering support for the presence of action bias for Player 2.15

The action bias for Player 2 can be large enough such that when the jars are High Quality

the frequency with which Player 2 accepted both jars are more than one third of the

frequency with which he accepted neither. Indeed, this is consistent with the data in the

main experiment, presented below. Since 0.1 Pr(Accepted = 2) ≥ 0.3 Pr(Accepted = 0)

in this case, a Player 1 responding to a Player 2 who has such an action bias will recover

High Quality jars.

If, we embrace bias for action for both Players to capture a behavioral trait of real-life

OPOs and TCs, we get Player 2s who accept more jars for mixing than combinations
14Before the actual run of our experiment, we piloted variants of this experiment where the OPO

only gets 1 jar for each round between June 15, 2021 and July 13, 2021. The raw data and results
from regressions analogous to the ones reported in this paper are available upon request. The results on
recovery, discards, and transplant rate are similar to the final experiment reported in this paper. The
key difference are (1) with only 1 jar to use, the players cannot improve the final “health outcomes” as
prominently as when there are 2 jars per round; and (2) within the 1-jar variants in the pilot stage, we
varied the levels of the incentives but the behavior remain largely similar in the signs of the effects.

15While main results will be presented below, we offer a slight preview of the results to shed light
on the degree of action bias. We observed in the status quo condition of the main experiment that
Player 2s accepted both jars 42.0% and rejected both jars 5.0% of the time when the jar type is High
Quality (thus, 0.1 Pr(Accepted = 2) = 4.2% > 0.3 Pr(Accepted = 0) = 1.5% for High Quality jars), and
accepted both jars 16.8% and rejected both jars 39.2% of the time when the jar type is Low Quality
(thus, 0.1 Pr(Accepted = 2) = 1.7% < 0.3 Pr(Accepted = 0) = 11.7% for High Quality jars). Considering
Player 2’s actual behavior, an expected income maximizing Player 1 will recover jars when the jars are
High Quality and not recover them when they are Low Quality.
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that are represented by the green areas in Figure II and Player 1s who offers both High

and Low jars under the status quo condition and not just under the holistic condition.

We get the following for expected income maximizing players with a bias for action

of the magnitudes we saw in both our pilot experiments and in this one:

Behavioral best response to players with action bias: In best response play for players with

a bias to act, jars of High Quality are always recovered by Player 1 (OPO) under either

conditions and jars of Low Quality are sometimes recovered under status quo condition

but always recovered by Player 1 under holistic condition, and Player 2 (TC) will perform

mixings (transplants) under either conditions.

3.2.2 Separating incentive architecture from payment magnitudes: a

replication with different payoff parameters and additional controls

As noted earlier, the parameters for our Status quo and Holistic conditions were chosen to

represent the current regulations and our proposed regulations, respectively. Status quo

and holistic not only have different incentive structures but also have different payoffs for

bad health outcomes, so our experimental results could be due to either or both. That is,

we can entertain two hypotheses about different behaviors observed between the status

quo and holistic treatments:

• (our) main hypothesis: Status quo discourages transplanting risky patients and

kidneys, but holistic incentivizes every health-improving transplant; and

• alternative hypothesis: status quo severely penalizes failed transplants but (because

of the different payoff parameters) holistic doesn’t.

That is, the alternative hypothesis suggests that if we reduced the large penalty for

failed transplants in the status quo condition, it might elicit behavior more like the

holistic condition, even without directly providing holistic incentives. In the replication

experiment described next, which employs quite different payoff parameters, we look

at a new “counterfactual” status quo treatment that does not severely penalize failed

transplants (but continues to only incentivize TC’s on the success or failure of transplants

that are performed). We will compare it to a re-parameterized holistic treatment that

continues to incentivize both OPO and TC based on the outcomes of all patients.

The replication experimental design, information availability to the players, and con-
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trol/treatment conditions are all identical to those of the main experiment, except for

the payoff parameters, i.e. the benefits from drawing a blue ball and the costs of drawing

a red ball for both conditions.

The replication payoff parameters are also chosen to equalize the payoffs at equilibrium

for expected payoff maximizers, and the expected payoff (of 0) for taking no action (In

the holistic treatment, players who take no action nevertheless receive payoffs based on

the health outcomes of all patients.).16

We consider a “Counterfactual Status Quo” condition that doesn’t severely penal-

ize bad transplant outcomes. This allows us to compare it to a comparable “Holistic

treatment 2” such that the expected payoffs from the two conditions are the same at

equilibrium. The conditions described here were run as a replication and sensitivity

analysis four months after the main sample.

The new parameters are as follows (As will be explained below, some of the parameters

have to be specified to multiple decimal places to equalize all of the payoffs described

above.).

Counterfactual Status Quo: Player 1’s payoffs are the same as in the Status Quo

condition, Player 2’s payoffs are: the penalty of drawing a red ball after mixing is $0.1

and the reward of drawing a blue ball after mixing is $0.11175. Here, we reversed the

magnitude of the penalty of drawing a red ball after mixing and the reward of drawing a

blue ball after mixing for Player 2 relative to the main experiment.

Holistic Treatment 2 : Player 1 earns $0.0957 for each blue ball drawn and loses

$0.0957 for each red ball drawn from the urns whether mixing happened or not, while

Player 2 earns $0.1 for each blue ball drawn and loses $0.1 for each blue ball drawn from

the urns whether mixing happened or not.17

16There are no rewards or penalties when both players do nothing under the status quo condition while
the odds of drawing blue balls and red balls are both 50% (as we make one draw from U [40, 100] and
another one from U [0, 60]). Therefore, to ensure that players who do nothing will get the same expected
income ($0) under either condition (Holistic Treatment 2 and Counterfactual Status Quo), we set the
reward for drawing a blue ball under Holistic Treatment 2 to equal the penalty for drawing a red ball.

17A few details regarding the reasoning behind the choice of these parameters, especially ones that
carry many decimal places will be explained below. Income maximizers under either holistic condition
will improve the odds of drawing blue balls relative to the 50% chance by doing nothing whenever they
can with a jar that has fewer blue balls than an urn. Recall that for High Quality jars blue balls are
drawn from a U [70, 100] distribution and for Low Quality jars blue balls are drawn from a U [0, 70]
distribution while an urn with number of blue balls drawn from a uniform distribution U [40, 100] as well
as another urn with number of blue balls drawn from a uniform distribution U [0, 60] would be available
in each round. If every opportunity to improve the odds of drawing blue balls were taken, Player 2’s
payoffs can be improved to improve the odds of drawing a blue ball to 61%. Picking a round number
of $0.1 for reward/penalty for Player 2 under Holistic Treatment 2, these improved odds of blue balls
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Notice that the Counterfactual Status Quo lowers the penalty but still penalizes only

failed transplants, not bad outcomes for untransplanted patients. So, like our main status

quo condition, it still discourages health improving transplants for very ill patients, but it

allows more room for risky (and perhaps inappropriate) transplants of healthy patients,

since it penalizes failures less. The Holistic Treatment 2 provides the same incentives as

our original holistic treatment: every health-improving transplant is incentivized, but no

inappropriate transplants.

Using similar theoretical reasoning as Section 3.2.1, we represent the optimal strategy

for expected-income-maximizing Player 2 under the Counterfactual Status Quo condition

in the bottom panel in Figure II. Reviewing the first two graphs on the bottom panel in

Figure II, we can see that Player 2 is predicted to mix a High Quality jar into a High

Blue urn 100% of the time and into a Low Blue urn 83% of the time. Reviewing the

last two graphs on the bottom panel, we can see that Player 2 is predicted to mix a Low

Quality jar into a High Blue urn about 64% of the time and into a Low Blue urn about

15% of the time. That is, an expected income maximizing Player 2 uses 1.83 of High

Quality jars and 0.80 of Low Quality jars for mixing. In response to this optimal strategy,

Player 1 will always recover/offer High Quality jars and never recover/offer Low Quality

jars under the Counterfactual Status Quo condition. The optimal strategy for expected

income maximizing Players 1 and 2 under Holistic Treatment 2 is unchanged from the

original holistic treatment in the main experiment.18

Finally, we get the following for expected income maximizing players:

under optimal play will yield Player 2 an expected $0.44 over 10 rounds. If we hold Player 1’s payoff
parameters constant between the original Status Quo condition and the new Counterfactual Status Quo
condition while picking a round number of $0.1 as the penalty of drawing a red ball after mixing for
Player 2, we will have to set the reward of drawing a blue ball after mixing at $0.11175 for Player 2 in the
new Counterfactual Status Quo condition if we want Player 2 to earn $0.44 over 10 rounds in expected
value terms (as she would under Holistic Treatment 2) under the Counterfactual Status Quo condition
when she acts (1) optimally as an expected income maximizer and (2) does so in response to a Player
1 who offers High Quality jars but not Low Quality jars. Subsequently, if a Player 2 acts in a manner
consistent with (1) and (2) under these Counterfactual Status Quo condition payoff parameters and
Player 1’s payoff parameters are held constant between the original Status Quo condition and the new
Counterfactual Status Quo condition, Player 1 will make an expected $0.42 over 10 rounds. Therefore,
we can pin down the payoff levels needed for Player 1 in the Holistic Treatment 2 under the improved
odds of drawing a blue ball of 61% such that he would earn an expected $0.42 over 10 rounds - giving
us $0.0957 for each blue ball drawn and loses $0.0957 for each red ball drawn for Player 1 under Holistic
Treatment 2. Simulations were conducted to identify and verify that the parameters up to the decimal
places presented above will generate the same payoffs (accurate up to the 0.1 cent level per round) for
an expected income maximizing player in a role (Player 1 or 2) regardless of which of two treatment
conditions they are randomized into (see code in Online Data Appendix).

18Player 2’s optimal strategy under Holistic Treatment 2 is represented by the middle panel in Figure
II.
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Proposition: In the subgame perfect equilibrium under income maximization, High Qual-

ity jars are recovered but Low Quality jars are not recovered by Player 1 (OPO) under

the Counterfactual Status Quo condition and jars are always recovered under Holistic

Treatment 2. Player 2 (TC) will perform 0.9 mixes on average per round under the

Counterfactual Status Quo condition. Player 2 will perform 1.2 mixes on average under

Holistic Treatment 2 (the same as under holistic treatment in the main experiment).19

4 Data and Results

4.1 Sample Population and Check for Balance

The experimental results for the two main conditions are from 324 subjects who partic-

ipated in pairs in one of 162 sessions in the Summer of 2021.20 There were 83 sessions

under the holistic condition and 79 under the status quo condition. The experiment lasted

up to 59:57 minutes and average earnings were $5.34 per subject, in addition to a $5.00

show-up fee. The experiment was conducted using software written in JavaScript and

hosted on AWS cloud environment. Subjects were recruited through Prolific and redi-

rected to the game website after completing a brief Qualtrics survey on their demographic

background. Payoffs and actions are recorded in a PostgreSQL relational database that

can be downloaded as csv files.

Table I presents summary statistics, with the full sample in columns 1 and 2. The

last column of Table I investigates the balance between the treatment groups. Overall,

balance is achieved across subject demographics (with the exception of the age groups

35-44 and 45-54) as well as the number of blue balls in the jars and urns that players

encounter.

Insert Table I about here.

Panel A of Figure III presents descriptive statistics that compares the key outcomes
19At equilibrium, there can be some “inappropriate transplants” conducted by Player 2, who will

perform 0.08 mixes per round in which a jar with fewer blue balls than an urn is mixed into the urn
(nevertheless producing a posiive expected payoff). As Low Quality jars will not be offered at equilibrium,
these bad transplants/mixes will not be with of Low Quality jars.

20164 sessions were completed but one subject participated in 2 different sessions. The results in the
paper uses the sample where this subject and the 2 players who played against them were dropped.
Including the results from these 2 dropped sessions does not change the results in this paper.
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of the status quo and holistic conditions, and each of the subsequent sections will discuss

the bar clusters shown in the Figure.

Insert Figure III about here.

4.2 Recovery, Discards, Transplants

The first pair of bars of Figure III displays the average rates of jar recovery and offering

by Player 1. Overall, Player 1s recover 17.4 percentage points fewer jars under status

quo compared to holistic regulations: 58.6% and 76.0% of the jars are recovered under

status quo and holistic conditions respectively. The first column of Table II shows the

results unconditional on jar quality type while the second and third column show results

conditional on jar quality type.21 The difference is significant for low quality (fewer blue

balls on average) jars: 29.9 percentage points fewer jars under status quo. Both of these

results are significant. However, there is no statistically significant22 difference in recovery

rates when the jars are high quality jars. Player 1s recover similarly when the observed

jar quality type is high (number of blue balls), but the recovery behavior diverges when

the observed jar quality type is low.

Insert Table II about here.

The second pair of bars of Figure III and columns 4 to 6 of Table II show the results

on instances where a pair of jars could have benefited at least one urn but was not recov-

ered. Under the status quo condition, Player 1 “missed recovery opportunities” 26.2% of

the time while the same is 15.7% only under the holistic condition. The differences are

significantly higher overall and when jars are of a low quality type, by 10.5 percentage

points and 16.6 percentage points respectively (columns 4 and 5 of Table II). This in-

dicates that one out of four times, it would been better for the Player 1 (the OPO) to

recover the jars (“kidneys”) for the objective of increasing the expected number of blue

balls drawn from urns (better population health outcomes) but he did not under status

quo.
21Player 1s, the OPO players, can only observe jar quality type when they make the recovery decision

but not actual quality (number of blue balls) Therefore, we are only controlling for jar quality types.
22At conventional levels.
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The third pair of bars of Figure III and the first column of Table III show that the

average quality (average number of blue balls) of recovered and offered jars is higher

under the status quo condition. The average recovered jar has 65.1 blue balls (out of

100) under the holistic condition while the average recovered jar has 71.0 blue balls. This

is because of the cherry picking done by Player 1s as evidenced by the lower recovery

rates above: average quality of recovered is similar if we only look at jars that are ex ante

high quality type.

Insert Table III about here.

The fourth pair of bars of Figure III and columns 2 to 4 of Table III display the

results on jar discards by Player 2 when Player 1 offered her a jar. Despite the lower

average quality of offered jars under the holistic regulations condition, Player 2s are not

any more likely to discard jars than in status quo (see columns 2 to 4 of Table III).

The threshold for accepting a jar to carry out a transplant is significantly lower under

the holistic regulations condition as indicated by 7.0 fewer blue balls in the average

post-transplant urn (see column 3 of Supplementary Table A4). The player representing

TCs accepts “Low Quality” jars 22.1 percentage points less often when offered jars under

status quo (Supplementary Table A4 column 6). More generally, she is also accepting jars

less aggressively for transplants that increase the percentage of blue balls in an urn after

transplantation in the status quo condition - the average jar (kidney) accepted for such

transplants has 4.8 more blue balls under status quo (Supplementary Table A4 column

5). Under the holistic condition, they are more aggressively transplanting patients who

are sicker on the baseline (urns transplanted under status quo has 13 more blue balls

before transplantation; see Supplementary Table A4). Furthermore, the fifth pair of bars

of Figure III and columns 5 to 7 in Table III show that Player 2s (TC) discard jars that

could have helped the blue-ball-odds of an urn in a level that is 23.8 percentage points

more under status quo condition (49.8%) than under holistic regulations (26.0%).

The sixth pair of bars of Figure III and Table IV displays the results on mixing

(“transplants”) by Player 2. The first 3 columns in Table IV shows the results on mixing

rate. On average, Player 2s mix 35.5% of the urns under status quo and 44.3% of the urns

under holistic conditions.23 In other words, Player 2s mix about 8.8 percentage points
23Conditional on the actual recoveries and offers by Player 1 observed in the data for each round of
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less under status quo compared to holistic regulations. These results are significant at

conventional levels, controlling for jar/urn quality or not (see Table IV).

Insert Table IV about here.

Conditional on jars being recovered and offered by Player 1, Player 2 can also harm

the odds of a good outcome for an urn by mixing a jar with fewer blue balls than that urn

into the urn (“harmful transplants”). The seventh pair of bars of Figure III and columns

4 to 6 in Table IV show that Player 2s conduct many more harmful transplants under the

status quo condition (22.9%) than under holistic regulations (8.3%). These results are

significant at conventional levels, controlling for jar/urn quality or not (see Table IV).

4.3 Impact on “Health Outcomes”

Based on the number of blue and red balls in the urns at the end of each round,24

the expected number of red balls drawn is 46.2% and 42.1% for status quo and holistic

conditions respectively (last pair of bars of Figure III ).25 In other words, we expect that

a red ball or a bad outcome is 4.1 percentage points more likely to be drawn from an urn

under the status quo condition compared to under holistic regulations (see column 1 of

Table V). To interpret the magnitude of the effect, we can compare these expected bad

outcomes figures with the best attainable expected outcomes given the actual proportions

of red and blue balls drawn for each round and each pair of player. The percent differences

between the actual expected bad outcome figures and the benchmark best attainable

expected outcomes can be thought of as measures of “excess bad health outcome.”26 The

each game, a perfectly expected income maximizing Player 2 would have mixed 9% of the urns under
status quo and 48% of the urns under holistic conditions. The bias for action is statistically significant
in the status quo condition but not in the holistic condition: the percentage of urns mixed is statistically
similar at conventional levels between the observed and perfectly-expected-income-maximizing-Player-2-
level conditional on actual recoveries for holistic but not for status quo.

24After mixing if mixing occurred. The exercise to assess the actual number of blue and red balls
in the urn at the end of round can help us evaluate the limit bad outcome rate for if we repeated this
experiment many times. This metric is arguably more relevant for the purposes to assess whether the
incentive systems induced differences in behavior.

25Conditional on the actual recoveries and offers by Player 1 observed in the data for each round of
each game, a perfectly expected income maximizing Player 2 will mix in a way such that 41.6% and
38.8% of the balls drawn are expected to be red under status quo and holistic conditions respectively.
While the levels of bad outcome rates are higher in the data than if the Player 2s are perfectly expected
income maximizers, the comparative statics results are similar.

26Ie. “Excess bad outcome” = (“Observed expected bad outcome” divided by “Best attainable expected
bad outcome”) minus one.

23



best attainable expected bad outcome, given the actual red and blue proportions of the

urns and jars used in the game, is 39%. The excess expected bad outcomes are therefore

18% and 7% for the status quo and holistic conditions respectively. This means that

moving from the status quo to the holistic condition reduced the excess expected bad

outcomes by more than half.

A Mann-Whitney U test was also conducted on 162 pairs of players to determine if

status quo treatment lead to a difference in mean expected bad outcomes. The status

quo group has 79 pairs and the holistic group has 83 pairs. Results showed that the mean

expected bad outcomes are significantly different between the two groups (z = −4.996,

p = 0.000) at a significance level of 0.01. These results confirm that the holistic treatment

had a significantly positive impact on the expected health outcomes.

In the actual draw in our experiment, 46.2% and 42.8% of the balls drawn are red

under status quo and holistic conditions (see Supplementary Table A1).27 The largest

gains in health outcomes under holistic regulations are expected to come from the Low

Blue urns (representing sicker patients) (see columns 2 and 3 in Table V).

Insert Table V about here.

The difference in bad outcome rate is most notable among the urns representing the

healthiest and sickest patients. Looking only at rounds where at least one urn has more

than 90% blue balls or less than 10% blue balls, a red ball is expected to be 7.0 percentage

points more likely to be drawn from an urn under the status quo condition compared to

under holistic condition (see column 4 of Table V).28 Bad outcome differences are expected

to be only 2.6 percentage points more likely under the status quo condition compared to

under holistic regulations in rounds where neither urns have between 10% to 90% blue

balls (see column 7 of Table V).29

The results on missed recoveries, bad discards, and bad mixings (transplants) offer

evidence for efficiency loss. The results on red ball rates tell us that holistic regulations
27The difference of 3.4 percentage points is significant at the 10% level. Since we observe the actual

lotteries associated with the drawing of a ball from each urn, the observed outcome is a noisy signal of
the actual expected health outcomes compared to the exact expected value conditional on the realized
urns. Therefore, we do not have to rely on the actual draws to understand the impact on expected health
outcome.

28In the actual draw in our experiment, a red ball is 5 − 7 percentage points more likely to be drawn
from an urn at rounds where at least one urn has more than 90% blue balls or less than 10% blue balls
under the status quo condition compared to under holistic regulations (see Supplementary Table A2).

29In the actual draw, bad outcome differences are not significant (at conventional levels) in rounds
where neither urns have between 10% to 90% blue balls. See Supplementary Table A3.
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can benefit the “well-being” of the overall population, and this benefit will mostly come

from improvements from the “sickest” and “healthiest.”

4.4 Results Under Alternative Parameters (from Section

3.2.2)

The results for the experiment with alternative parameters are from 314 subjects who

participated in pairs in one of the 157 session in December of 2022 via Prolific. Partic-

ipants in the main experiment were barred from participating in the experiment with

alternative parameters. There were 70 sessions under Holistic Treatment 2 and 87 under

the Counterfactual Status Quo condition. Table VI presents summary statistics, with the

full sample in columns 1 and 2 and the test for balance between the treatment groups

reported in the last column. Overall, balance is achieved across subject demographics

(with the exception of the age group 25-34) and the number of blue balls in the jars and

urns, similar to the main experimental sample.

The comparative statics results for most of the key outcomes of interest (jar recovery

rate, missed beneficial recovery, discard rate conditional on jar and urn blue ball count,

bad discards, transplant rate, bad transplants, and “health outcomes”) for this experiment

with alternative parameters are the same as those obtained from the main experiment.

We discuss the key results from the experiment with alternative parameters briefly below.

Comparing Table VII with Table II from Section 4.2, we can see that in the alter-

native parameter experiment, Player 1’s recovery behavior (recovery rate and missed

beneficial recovery opportunities) is very similar to the behavior of the Player 1s from

the main experiment. Furthermore, the coefficients we obtained from the alternative pa-

rameter experiment are statistically indistinguishable from those we obtained from the

main experiment.

Insert Table VII about here.

Next, we compare Table VIII with Table III from Section 4.2. Here we still find higher

cherry-picking by Player 1 in recovery under Counterfactual Status Quo as the average

average quality (average number of blue balls) of recovered and offered jars is higher

(significant at the 10% level) under the Counterfactual Status Quo. The magnitude
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of cherry-picking by Player 1 is slightly lower in the alternative parameter experiment

(though not statistically different from the coefficient from the main experiment reported

in Table III). Given this slightly lower level of cherry-picking by Player 1 and lower penal-

ties for drawing a red ball after mixing by Player 2, it is perhaps not surprising that we

now observe a significant difference in discard rate where there discards are 5.5 percentage

point higher under Holistic Treatment 2 when we don’t condition on the actual number

of blue balls in the jars or urns (see Column 2 of Table VIII). However, this difference

might not be material as the Player 2s are not any more likely to discard jars than in

Counterfactual Status Quo once we control for the number of blue balls in just the jars or

both the jars and urns (see columns 3 to 4 of Table VIII). Furthermore, just like those for

recovery rates, the coefficients we obtained from the alternative parameter experiment

are statistically indistinguishable from those we obtained from the main experiment.

Insert Table VIII about here.

Comparing Table IX with Table IV from Section 4.2, we can immediately see in Col-

umn 1 of Table IX that Player 2s mix about 5.8 percentage points less under Counterfac-

tual Status Quo compared to holistic regulations under Holistic Treatment 2 (compared

to 8.8 percentage points in the main experiment) and conduct many more harmful trans-

plants under the Counterfactual Status Quo condition (Column 4-6 of Table IX). Again,

the coefficients we obtained from the alternative parameter experiment are statistically

indistinguishable from those we obtained from the main experiment.

Insert Table IX about here.

Finally, a quick comparison between Table X with Table V from Section 4.3 will reveal

that the impact of the Counterfactual Status Quo treatment has very similar effect on

the bad outcome rate (see Columns 1-9 of Table X). We conducted a Mann-Whitney

U test on 157 pairs of players to determine if status quo treatment lead to a difference

in mean expected bad outcomes. Just like the main experiment, the results showed

that the mean expected bad outcomes are significantly different between the two groups

(z = −4.231, p = 0.000) at a significance level of 0.01. These results confirm the finding

that the Counterfactual Status Quo treatment had a significantly negative impact on the
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expected bad outcomes in the alternative parameter experiment, just as the status quo

condition did in the main experiment.

Insert Table X about here.

Taken together, Tables VII, VIII, IX, and X demonstrates that the results and key

insights of our experiment are robust to varying levels of parameters. This suggests that

the behavior and outcomes are driven by the architecture of the incentives rather than

the levels and ratios of the benefit from the blue ball to the cost of the red ball.

5 Discussion and Concluding Remarks

Many factors and decision-makers that drive access and outcomes of transplantation act

outside the walls of transplant centers. Better coordination between OPOs and TCs

might help reduce instances where organs are discarded while patients perished on the

waitlist. With better coordination, TCs can strategically work up patients who are far

down the waitlist so that they can swiftly respond and receive kidneys that are declined

by patients higher up on the waitlist without delays that could push the organ’s cold

time beyond the acceptable range.

The 2019 Advancing American Kidney Health initiatives begin to address the fact that

multiple players influence performance and offer novel opportunities for collaboration

between historically insular stakeholders like TCs and dialysis centers (by financially

incentivizing dialysis centers to refer more patients to transplantation). At the heart of

the initiative is a few new payment models to be rolled out in select Hospital Referral

Regions (i.e. HRRs, often used in health policy aggregate patients into a region for care

delivery purposes). In these new payment models,30 reimbursement payment adjustments

made to “managing” providers (including nephrologist working at or outside of TCs, as

well as dialysis centers) will be based on rates of home dialysis utilization and rates of

kidney and kidney-pancreas transplantation among patients who are attributed to these

provider’s management. While this initiative touches the providers further upstream

on the kidney transplantation supply chain, it left the structure of regulation of the
30The four highlighted payment models are Kidney Care First Model, Graduated Comprehensive

Kidney Care Contracting (CKCC) Model, Professional CKCC Model, and Global CKCC Model.
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transplant operations of TCs and OPOs largely unmodified. Without improving the

incentive issues outlined in the present paper, the increase in referrals for transplantation

might worsen the kidney waitlist congestion. We see the optimal regulation of TCs and

OPOs proposed here as a key complement to the direction taken by the federal government

in this 2019 initiative.

Optimal regulation should also involve both public and private payers who will need to

introduce non-conflicting payment models that motivates cost-effective QALY-improving

transplants. But integrated decision-making is hampered by the fact that organ policy

remains splintered between different federal agencies and UNOS.

5.1 Summary and Conclusion

Current transplantation policy gives rise to adverse incentives for OPOs to under-recover

kidneys while incentivizing TCs to cherry-pick kidneys and patients. Using a laboratory

experiment to model the decision architecture facing OPOs and TCs, we show that status

quo regulations present incentives for TCs and OPOs to behave in a way not favorable to

maximize access to transplantation. In particular, TCs missed opportunities to transplant

that could have improved the health of the patients and discard recovered organs. TCs

might also conduct transplants that are not beneficial when they are paid to do more

transplants rather than to maximize the health outcomes of patients. In the same time,

OPOs recover fewer organs.

Holistic regulation that align OPO and TC interests by rewarding them based on

the health outcomes of the entire patient pool led, in our experiment, to more organ

recoveries by OPOs, higher utilization of organs by TCs who transplant sicker patients,

and more appropriate transplantation by TCs.

These findings suggest that we need to move beyond current discussions on the re-

vision of isolated metrics and their enforcement, but start to reformulate the regulation

conversation to consider the TCs and OPOs together. Our experiment illustrates the

benefits of an alternative, holistic regulatory approach but does not outline the details of

implementation and the precise way a patient pool should be identified and attributed to

different TCs and OPOs. Future work should translate the holistic regulatory approach

into actual legislation and rules. For instance, we will need to develop a non-manipulable

measure of transplant-eligible patients (distinct from currently TC-managed waitlists)
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and a logic to attribute patients to specific TCs.31 Nonetheless, insights from this study

should alert regulatory bodies to the importance of aligned, holistic incentives.
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Figure I: Stage Game for the OPO Player (P1) and TC Player (P2)

Notes: This figure presents the flow of the stage game in this experiment. Each pair of players play

this stage game 10 times. The jars (with the handle) can be thought of as kidneys that can be

recovered and offered. The urns can be thought of as transplant candidates. The chance of drawing

a blue ball from an urn can be thought of as the odds of the patient represented by that urn getting

a good health outcome.
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Figure III: Outcome Variable Comparison

Notes: This figure reports the average levels of the outcome variables of interest, by treatment condition, of the 324 subjects in the main

experiment sample in Panel A and of the 314 subjects in the replication experiment (with alternative parameters) sample in Panel B.

This Figure shows averages (“mean”) by treatment condition. The significance-levels of the differences between treatment conditions

are reported. “Jar Recovery” is the percentage of the pairs of jars that are recovered and offered by Player 1. “Missed Recovery” is the

percentage of the pairs of jars that could have improved the odds of a good outcome (drawing a blue ball) of at least one urn but are

NOT recovered/offered by Player 1. “Offered Jar Quality” is the percentage of balls that are blue in each of the recovered and offered

jars, “Discard” is the percentage of recovered jars that are discarded/rejected. “Bad Discard” is the percentage of discarded jars that

has more blue balls than at least one urn (benefits at least one urn). “Transplant” is the percentage of urns where a mixing happened.

“Harmful Transplant” is the percentage of mixings that occurred which made the odds of blue balls worse for an urn. “Expected Bad

Outcome” is the proportion of red balls in an urn at the end of a round.
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Table I: Summary Statistics and Balance Checks

Total Holistic Status Quo
mean s.d. mean s.d. mean s.d. Difference p-value

Female 0.45 0.50 0.49 0.50 0.41 0.49 0.17
White 0.78 0.41 0.77 0.43 0.80 0.40 0.48
Black 0.09 0.28 0.08 0.27 0.09 0.29 0.60
Asian 0.07 0.26 0.09 0.29 0.05 0.22 0.16
Other Race 0.06 0.24 0.07 0.25 0.06 0.23 0.73
Hispanic 0.06 0.24 0.05 0.21 0.07 0.26 0.41
Employed Full-time 0.55 0.50 0.53 0.50 0.57 0.50 0.48
Unemployed 0.07 0.25 0.07 0.26 0.06 0.23 0.58
College Graduate 0.60 0.49 0.62 0.49 0.58 0.50 0.42
High School Graduate 0.99 0.08 1.00 0.00 0.99 0.11 0.15
Age 18-24 0.04 0.19 0.03 0.17 0.04 0.21 0.50
Age 25-34 0.33 0.47 0.36 0.48 0.29 0.46 0.18
Age 35-44 0.29 0.45 0.25 0.43 0.34 0.47 0.08*
Age 45-54 0.18 0.38 0.22 0.41 0.14 0.35 0.07*
Age 55-64 0.11 0.32 0.11 0.31 0.12 0.33 0.74
Age 65-74 0.04 0.20 0.02 0.15 0.06 0.23 0.13
Age 75-84 0.01 0.11 0.01 0.11 0.01 0.11 0.96
# Blue Balls in Jars 59.00 30.24 59.88 31.00 57.32 29.56 0.59
# Blue Balls in Urns 51.00 11.81 51.28 11.00 51.09 12.61 0.92
# Subjects 324 166 158
N 3,240 1,660 1,580

Notes: This table reports the background characteristics of the 324 subjects in the main sample,
pooled and by treatment group. “Female” indicates the share of female sex; “White,” “Black,”
“Asian,” “Hispanic,” and “Other Race” indicate the shares of subjects belonging to each of these
categories. Age data was recorded in intervals, each one of the age categories indicate shares of
subjects in these age buckets. “High School Graduate” indicate the share of subjects who did not
graduate from high school, “College Graduate” indicate indicate the share of subjects who reported
that they have a bachelor’s or advanced degree. “Employed” indicate the share who are employed
full-time, while “Unemployed” indicates the share of subjects who selected are not employed either
full-time or part-time. “# Blue Balls in Jars,” “# Blue Balls in High Blue Urn,” and “# Blue Balls
in Low Blue Urn” indicate the average number of blue balls (out of 100 balls that are either blue
or red) in the jars and urns encountered by the subjects during the game. Table shows averages
(“mean”) and standard deviations (“s.d.”). The Difference p-value column reports the p-value for the
test of equality between the treatment and control groups. Stars indicate whether this difference is
significant.
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Table II: Impact on Jar Recovery Rates and Missed Opportunities for Beneficial Recov-
eries

(1) (2) (3) (4) (5) (6)
Jar Recovery Rate Missed Beneficial Recovery

All Low Quality High Quality All Low Quality High Quality
Status Quo -0.174∗∗ -0.299∗∗ -0.042 0.105∗∗ 0.166∗∗ 0.042

(0.035) (0.055) (0.038) (0.026) (0.036) (0.038)

Constant 0.760∗∗ 0.610∗∗ 0.913∗∗ 0.157∗∗ 0.225∗∗ 0.0874∗∗

(0.024) (0.041) (0.022) (0.017) (0.024) (0.022)
N 1620 820 800 1620 820 800
R2 0.035 0.090 0.004 0.017 0.032 0.004
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + ϵi. Player 1 (OPO) can either recover a pair of jars or not (1=recover/offer jar;
0=not recover/offer jar). The independent variable “Status Quo” indicates the status quo condition
where the incentives resemble the current fragmented regulations. The 1st and 4th columns reports
results unconditional on jar quality type, the 2nd and 5th columns reports results conditional on the
jar quality being low quality, and the 3rd and 6th columns reports results conditional on the jar quality
being high quality. “Jar Recovery Rate” is the percentage of the pairs of jars that are recovered and
offered by Player 1. “Missed Beneficial Recovery” is the percentage of the pairs of jars that could
have improved the odds of a good outcome (drawing a blue ball) of at least one urn but are NOT
recovered/offered by Player 1.
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Table III: Impact on Recovered Jar Quality, Discard Rates, and Discards that could have
Benefited Urn(s)

(1) (2) (3) (4) (5) (6) (7)
Jar # Blue | Recovered Jar Discard Rate | Recovered % of Bad Discards

Status Quo 5.985∗∗ -0.022 0.020 0.024 0.238∗∗ 0.143∗∗ 0.060∗

(2.106) (0.029) (0.027) (0.027) (0.046) (0.039) (0.030)

Jar # Blue Balls -0.007∗∗ -0.007∗∗ 0.008∗∗ 0.010∗∗

(0.000) (0.000) (0.001) (0.000)

High Urn # Blue Balls 0.003∗∗ -0.013∗∗

(0.001) (0.001)

Low Urn # Blue Balls 0.000 -0.002∗

(0.001) (0.001)

Constant 65.060∗∗ 0.418∗∗ 0.878∗∗ 0.686∗∗ 0.260∗∗ -0.191∗∗ 0.777∗∗

(1.379) (0.021) (0.030) (0.054) (0.032) (0.021) (0.053)
N 1094 1094 1094 1094 702 702 702
R2 0.012 0.001 0.300 0.317 0.064 0.323 0.564
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. Player 2 (TC) can either discard 0, 1 or 2 jars if a pair of jars were offered
by Player 1. The results here are conditional on Player 1 having recovered jars and made an offer
to Player 2. The independent variable “Status Quo” indicates the status quo condition where the
incentives resemble the current fragmented regulations. “Jar # Blue Balls” is the number of blue
balls in each of the jars. “High Urn # Blue Balls” is the number of blue balls in the high blue urn.
“Low Urn # Blue Balls” is the number of blue balls in the low blue urn. “Jar # Blue | Recovered”
is the number of blue balls in each of the recovered and offered jars (out of 100), “Jar Discard Rate
| Recovered” is the percentage of recovered jars that are discarded/rejected. “% of Bad Discards” is
the percentage of discarded jars that has more blue balls than at least one urn (benefits at least one
urn).
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Table IV: Impact on Mixing (“Transplant”) Rate, and Mixings that Gave an Urn Worse
Odds for Blue

(1) (2) (3) (4) (5) (6)
Mixing (Transplant) Rate % Mixings Made Urn Worse

Status Quo -0.088∗∗ -0.087∗∗ -0.088∗∗ 0.146∗∗ 0.166∗∗ 0.163∗∗

(0.028) (0.025) (0.025) (0.030) (0.023) (0.023)

Jar # Blue Balls 0.008∗∗ 0.008∗∗ -0.008∗∗ -0.008∗∗

(0.000) (0.000) (0.001) (0.001)

High Urn # Blue Balls -0.001∗∗ 0.004∗∗

(0.001) (0.001)

Low Urn # Blue Balls -0.000 0.002∗∗

(0.000) (0.001)

Constant 0.443∗∗ -0.018 0.086+ 0.083∗∗ 0.685∗∗ 0.331∗∗

(0.020) (0.023) (0.047) (0.016) (0.056) (0.062)
N 1620 1620 1620 903 903 903
R2 0.012 0.332 0.336 0.042 0.297 0.352
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. Player 2 (TC) can either mix 0, 1 or 2 jars into the urns if a pair of jars
were offered by Player 1. The results here are conditional on Player 1 having recovered jars and made
an offer to Player 2. The independent variable “Status Quo” indicates the status quo condition where
the incentives resemble the current fragmented regulations. “Jar # Blue Balls” is the number of blue
balls in each of the jars. “High Urn # Blue Balls” is the number of blue balls in the high blue urn.
“Low Urn # Blue Balls” is the number of blue balls in the low blue urn. “Mixing (Transplant) Rate”
is the percentage of urns where a mixing happened, this is the number of transplant(s) divided by
2 per round. “% Mixings Made Urn Worse” is the percentage of mixings that occurred which made
the odds of blue balls worse for an urn.
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Table VI: Summary Statistics and Balance Checks for Alternative Sample

Total Holistic Status Quo
mean s.d. mean s.d. mean s.d. Difference p-value

Female 0.44 0.50 0.45 0.50 0.43 0.50 0.66
White 0.75 0.43 0.76 0.43 0.75 0.44 0.73
Black 0.09 0.29 0.10 0.30 0.09 0.28 0.68
Asian 0.08 0.27 0.08 0.27 0.08 0.27 0.95
Other Race 0.07 0.26 0.06 0.23 0.09 0.28 0.33
Hispanic 0.08 0.27 0.05 0.22 0.10 0.30 0.11
Employed Full-time 0.56 0.50 0.60 0.49 0.53 0.50 0.25
Unemployed 0.07 0.25 0.06 0.23 0.07 0.26 0.54
College Graduate 0.59 0.49 0.56 0.50 0.60 0.49 0.49
High School Graduate 0.99 0.08 0.99 0.09 0.99 0.08 0.88
Age 18-24 0.03 0.18 0.01 0.12 0.05 0.21 0.11
Age 25-34 0.34 0.47 0.40 0.49 0.29 0.45 0.04**
Age 35-44 0.30 0.46 0.26 0.44 0.33 0.47 0.18
Age 45-54 0.18 0.38 0.19 0.39 0.17 0.38 0.76
Age 55-64 0.11 0.31 0.09 0.28 0.13 0.33 0.25
Age 65-74 0.04 0.18 0.04 0.20 0.03 0.17 0.50
Age 75-84 0.01 0.11 0.01 0.12 0.01 0.11 0.83
# Blue Balls in Jars 62.22 28.22 59.19 29.26 64.67 27.19 0.23
# Blue Balls in Urns 48.63 11.96 47.00 11.29 49.95 12.35 0.13
# Subjects 314 140 174
N 3,140 1,400 1,740

Notes: This table reports the background characteristics of the 314 subjects in the alternative sample
with revised experimental parameters, pooled and by treatment group. “Female” indicates the share
of female sex; “White,” “Black,” “Asian,” “Hispanic,” and “Other Race” indicate the shares of
subjects belonging to each of these categories. Age data was recorded in intervals, each one of the age
categories indicate shares of subjects in these age buckets. “High School Graduate” indicate the share
of subjects who did not graduate from high school, “College Graduate” indicate indicate the share
of subjects who reported that they have a bachelor’s or advanced degree. “Employed” indicate the
share who are employed full-time, while “Unemployed” indicates the share of subjects who selected
are not employed either full-time or part-time. “# Blue Balls in Jars,” “# Blue Balls in High Blue
Urn,” and “# Blue Balls in Low Blue Urn” indicate the average number of blue balls (out of 100 balls
that are either blue or red) in the jars and urns encountered by the subjects during the game. Table
shows averages (“mean”) and standard deviations (“s.d.”). The Difference p-value column reports
the p-value for the test of equality between the treatment and control groups. Stars indicate whether
this difference is significant.
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Table VII: Impact on Jar Recovery Rates and Missed Opportunities for Beneficial Re-
coveries for Alternative Sample

(1) (2) (3) (4) (5) (6)
Jar Recovery Rate Missed Beneficial Recovery

All Low Quality High Quality All Low Quality High Quality
Status Quo -0.156∗∗ -0.253∗∗ -0.055 0.132∗∗ 0.209∗∗ 0.055

(0.029) (0.056) (0.035) (0.024) (0.039) (0.035)

Constant 0.771∗∗ 0.632∗∗ 0.901∗∗ 0.140∗∗ 0.184∗∗ 0.099∗∗

(0.021) (0.041) (0.023) (0.016) (0.026) (0.023)
N 1570 767 803 1570 767 803
R2 0.028 0.063 0.007 0.026 0.051 0.007
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + ϵi. Player 1 (OPO) can either recover a pair of jars or not (1=recover/offer jar;
0=not recover/offer jar). The data here is from the alternative sample with revised experimental
parameters. The independent variable “Status Quo” indicates the status quo condition where the
incentives resemble the current fragmented regulations. The 1st and 4th columns reports results
unconditional on jar quality type, the 2nd and 5th columns reports results conditional on the jar
quality being low quality, and the 3rd and 6th columns reports results conditional on the jar quality
being high quality. “Jar Recovery Rate” is the percentage of the pairs of jars that are recovered and
offered by Player 1. “Missed Beneficial Recovery” is the percentage of the pairs of jars that could
have improved the odds of a good outcome (drawing a blue ball) of at least one urn but are NOT
recovered/offered by Player 1.
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Table VIII: Impact on Recovered Jar Quality, Discard Rates, and Discards that could
have Benefited Urn(s) with Alternative Sample

(1) (2) (3) (4) (5) (6) (7)
Jar # Blue | Recovered Jar Discard Rate | Recovered % of Bad Discards

Status Quo 3.953+ -0.0550∗ -0.0340 -0.0335 0.195∗∗ 0.120∗∗ 0.066∗

(2.101) (0.0267) (0.025) (0.025) (0.045) (0.033) (0.028)

Jar # Blue Balls -0.005∗∗ -0.005∗∗ 0.009∗∗ 0.010∗∗

(0.001) (0.001) (0.000) (0.000)

High Urn # Blue Balls 0.002∗∗ -0.012∗∗

(0.001) (0.001)

Low Urn # Blue Balls -0.000 -0.000
(0.001) (0.001)

Constant 65.740∗∗ 0.414∗∗ 0.763∗∗ 0.633∗∗ 0.283∗∗ -0.252∗∗ 0.602∗∗

(1.465) (0.019) (0.035) (0.058) (0.034) (0.022) (0.059)
N 1075 1075 1075 1075 676 676 676
R2 0.005 0.007 0.187 0.197 0.043 0.371 0.572
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. Player 2 (TC) can either discard 0, 1 or 2 jars if a pair of jars were offered
by Player 1. The data here is from the alternative sample with revised experimental parameters. The
results here are conditional on Player 1 having recovered jars and made an offer to Player 2. The
independent variable “Status Quo” indicates the status quo condition where the incentives resemble
the current fragmented regulations. “Jar # Blue Balls” is the number of blue balls in each of the
jars. “High Urn # Blue Balls” is the number of blue balls in the high blue urn. “Low Urn # Blue
Balls” is the number of blue balls in the low blue urn. “Jar # Blue | Recovered” is the number of
blue balls in each of the recovered and offered jars (out of 100), “Jar Discard Rate | Recovered” is
the percentage of recovered jars that are discarded/rejected. “% of Bad Discards” is the percentage
of discarded jars that has more blue balls than at least one urn (benefits at least one urn).
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Table IX: Impact on Mixing (“Transplant”) Rate, and Mixings that Gave an Urn Worse
Odds for Blue from Alternative Sample

(1) (2) (3) (4) (5) (6)
Mixing (Transplant) Rate % Mixings Made Urn Worse

Status Quo -0.058∗ -0.056∗ -0.057∗ 0.181∗∗ 0.186∗∗ 0.176∗∗

(0.026) (0.025) (0.025) (0.031) (0.025) (0.024)

Jar # Blue Balls 0.001∗∗ 0.006∗∗ -0.008∗∗ -0.008∗∗

(0.000) (0.000) (0.001) (0.001)

High Urn # Blue Balls -0.001+ 0.005∗∗

(0.001) (0.001)

Low Urn # Blue Balls 0.000 0.002∗∗

(0.001) (0.001)

Constant 0.452∗∗ 0.0458 0.103+ 0.083∗∗ 0.638∗∗ 0.237∗∗

(0.019) (0.029) (0.053) (0.017) (0.051) (0.065)
N 1570 1570 1570 920 920 920
R2 0.005 0.233 0.235 0.056 0.306 0.367
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. Player 2 (TC) can either mix 0, 1 or 2 jars into the urns if a pair of jars
were offered by Player 1. The data here is from the alternative sample with revised experimental
parameters. The results here are conditional on Player 1 having recovered jars and made an offer
to Player 2. The independent variable “Status Quo” indicates the status quo condition where the
incentives resemble the current fragmented regulations. “Jar # Blue Balls” is the number of blue
balls in each of the jars. “High Urn # Blue Balls” is the number of blue balls in the high blue urn.
“Low Urn # Blue Balls” is the number of blue balls in the low blue urn. “Mixing (Transplant) Rate”
is the percentage of urns where a mixing happened, this is the number of transplant(s) divided by
2 per round. “% Mixings Made Urn Worse” is the percentage of mixings that occurred which made
the odds of blue balls worse for an urn.
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A Online Appendix

This is the online appendix for “Regulation of Organ Transplantation and Procurement:

A Market Design Lab Experiment” by Alex Chan and Alvin E. Roth.

• Section A.1: Experiment Details

– Section A.1.1: Recruitment On Prolific

– Section A.1.2: Overview of Experiment

– Section A.1.3: Game Introduction

– Section A.1.4: Comprehension Quiz

– Section A.1.5: Stage Game Screens

– Section A.1.6: Demographic Information Collection

• Section A.3: Supplementary Tables
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A.1 Experimental Details

In this Section, we describe the design of our experiment in detail, including the recruit-

ment screen on Prolific (A.1.1), and the game screens (A.1.2).

A.1.1 Recruitment On Prolific

Subjects were recruited on the Prolific platform (see Section 4.1). The subjects in the

game participated between August 2 2021 and August 12 2021. Prolific recruitment

posting were posted during 7 days (August 2, 3, 4, 5, 7, 9, 12) in this period where

subjects were recruited to play the game during a 10-minute window on each of these 7

days. The narrow window for participation is to increase the number of subjects who are

online simultaneously, so that we can pair them off into our two-player game. See Figure

A1 for the recruitment information on Prolific. Subjects who managed to get paired off

become part of our sample.

Figure A1: Recruitment screen posted on Prolific
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A.1.2 Overview of Experiment

After a participation consent screen, subjects demographic information were collected

(see Section A.1.6). After these short steps, the subjects are re-directed to a game page

where they will enter their Prolific ID (see Figure A2) and get assigned to a online

waiting room until they are matched with another subject (see Figure A3). Pairing is

done randomly based on arrival time to the game. Each pair is then randomized into a

treatment condition (status quo or holistic) using Bernoulli draws as subjects arrive.

Figure A2: Game Launch Page

Figure A3: Game Online Waiting Room Page

This Appendix Section should serve to provide additional details about the actual

experience of subjects of this experiment as they play this online, two-player game. We
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will share the screens broken down into the following three sections (Sections A.1.3, A.1.4

and A.1.5).

A.1.3 Game Introduction

Subjects randomized into either the status quo and holistic conditions will go through 6

introductory screens that are identical. These 6 screens serve to explain game details like

the available actions to both players (Figures A4 and A9), number of rounds (Figure A4),

high-level description of the games including the fact that balls will be drawn from urns

at the end of each round (Figure A5), the nature of the jars and urns (how many, the

distribution from which balls are drawn from) (Figures A6, A7), as well as information

available to each player (Figure A8). Essentially, the first 6 screen outlines the game as

described in Section 3 except information regarding the actual payoff schemes.

Figure A4: Game Screen 1

Figure A5: Game Screen 2
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Figure A6: Game Screen 3

Figure A7: Game Screen 4

Figure A8: Game Screen 5
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Figure A9: Game Screen 6

After these introduction screens, four more screens will be shown to outline how

subjects will be paid and to give subjects a chance to see how the stage-game interfaces

for them and the player they are playing against look like.

First, subjects will see a verbal description of the incentive scheme associated with

their assigned treatment condition. Figure A10 shows this screen for status quo and

Figure A11 shows it for holistic.

Figure A10: Game Screen 7 for Status Quo
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Figure A11: Game Screen 7 for Holistic

Next, subjects will see a schematic and a more detailed verbal description of how

payoffs are determined. It clearly depicts how payoff levels for the subject and their

counterpart in the game are determined based on each other’s actions. Figure A12 shows

this screen for status quo and Figure A13 shows it for holistic.

Figure A12: Game Screen 8 for Status Quo
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Figure A13: Game Screen 8 for Holistic

Then, subjects will see what they would expect to see as the game interface in the

stage game, as well as what the other play would see. Player 1’s stage game screen is

always shown first and then Player 2’s. Figures A14 and A15 shows these screens for

status quo and Figures A16 and A17 shows them for holistic.

Figure A14: Game Screen 9 for Status Quo
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Figure A15: Game Screen 10 for Status Quo

Figure A16: Game Screen 9 for Holistic
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Figure A17: Game Screen 10 for Holistic

A.1.4 Comprehension Quiz

To reinforce comprehension of the rules of the game, the introduction screens are followed

by five comprehension questions before the actual game play commences. The correct

answers, along with a pop-up text box to explain why such answers are correct, to these

questions are provided to the subjects if they got a question wrong. The subject will not

be able to advance until they correctly answered all the five questions. The order of these

questions are randomized. The questions are shown in the figures below.

If the question shown in Figure A18 is answered incorrectly, the following answer is

shown for both conditions:

• “Answer is 40%. Since the jar and the urn has the same number of balls in total

and the jar has 50% blue balls and the urn has 30% blue balls, the percentage of

blue balls will be the average of the 2, or 40%. Another way to see this is that 50

blue balls from jar + 30 blue balls from urn = 80 blue balls in total. Dividing this

by 200 balls (100 balls from jar and 100 balls from urn), we get 40%.”
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Figure A18: Comprehension Question 1

If the question shown in Figure A19 is answered incorrectly, the following answer is

shown for both conditions:

• “Answer is Higher than before mixing. Before mixing, the urn has a lower percent-

age of blue balls. Since the jar has a higher percentage of blue balls, mixing will

increase the percentage of blue balls in the urn. So if the one wants to have the

highest chance of drawing a blue ball, one would mix.”
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Figure A19: Comprehension Question 2

If the question shown in Figure A20 is answered incorrectly, the following answer is

shown depending on the treatment condition:

• For Status Quo: “Answer is Unclear with given information. It depends whether

the mixed urn(s) will provide good enough odds for Player 2. For example, if Player

2 is given jars with 99 blue balls and 1 red ball, the mixed High Blue urn will still

have a 99.5% chance of drawing a blue ball. While 99.5% is lower than 100% ,

Player 2 might still find it worth his/her while to make the bet. On the other hand,

if the jar has fewer blue balls, say 1 blue ball and 99 red balls, mixing it with the

urn with 100 blue balls will now lower the chance of drawing a blue ball from 100%

to 50.5% , drastically lowering the chance of drawing a blue ball - while some more

risk loving Player 2 might still want to mix for a chance to win some earnings, some

others might rather not take the gamble. Also, note that Player 2 will never mix

the jar with the urn with 100 red balls as mixing any given jar with the urn with

100 blue balls will give him/her better odds of drawing blue balls.”

• For Holistic: “Answer is Reject any offer from Player 1 and Mix the balls from

Player 1’s jar with the urn with 100 blue balls. Player 2 will never reject any jar

offer that can at least improve the odds of one of his/her urns. Given that the
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urn with 100 red balls has 0% chance of drawing a blue ball, any chance to add a

blue ball in the mix will be an improvement - therefore he/she will never reject a

jar. Similarly, with whatever jar (not 100 red balls or 100 blue balls) that Player 2

received, he/she can only make the odds of drawing a blue ball from the urn with

100 blue balls worse, as the current chance is 100%. Therefore, he/she will never

mix a jar with the urn with 100 blue balls instead of the urn with 100 red balls.”

Figure A20: Comprehension Question 3

If the question shown in Figure A21 is answered incorrectly, the following answer is

shown for both conditions:

• “Answer is No. The jar has 49% blue balls and the urn has 50% blue balls. Mixing

a jar with lower percentage of blue balls that the urn will only lower the percentage

of blue balls in the urn. So if the one wants to have the highest chance of drawing

a blue ball, one would not mix and just draw from the urn.”
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Figure A21: Comprehension Question 4

If the question shown in Figure A20 is answered incorrectly, the following answer is

shown depending on the treatment condition:

• For Status Quo: “Answer is Definitely not make an offer to Player 2. This is because

Player 1 will lose tokens if he/she made an offer to Player 2 and it was not accepted.

Therefore, if Player 1 knows that the jars will be rejected, he/she will never offer it

in the first place.”

• For Holistic: “Answer is Unclear/Do not know. Player 1’s payoff depends on what

color balls are drawn from the 2 urns. While he/she can influence the odds of

drawing blue balls by offering Player 2 a pair of jars as an option of changing the

percentage of blue balls for one or both of his/her urns, if Player 2 were to not accept

the jars for sure Player 1 loses nothing. However, if Player 1 is not completely sure

if Player 2 would accept the jars. If Player 1 is not 100% sure that Player 2 would

accept both jars but 99% sure that Player 2 would reject the jars, it is still in Player

1’s interest to offer the jars in the off chance ( 1% chance) that Player 2 might be

able to accept and improve the odds of drawing a blue ball from one or both of the

urns.”
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Figure A22: Comprehension Question 5

A.1.5 Stage Game Screens

Finally, the subjects play the stage game for 10 rounds.

Player 1 gets action options (in a multiple choice format) and a reminder that shows

them the level of payoffs he should expect to receive based on Player 2’s and their own

actions (and the draw of the balls if applicable). This decision screen for Player 1s in the

status quo condition is shown in A23 and shown in A24 for holistic.
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Figure A23: Player 1 Stage Game Decision Screen for Status Quo

Figure A24: Player 1 Stage Game Decision Screen for Holistic

After Player 1 moves, Player 2 will get to move in the round. If Player 1 offered Player

2 the jars, Player 2 sees a screen that show her action options and a reminder that shows

her the level of payoffs she should expect to receive based on the draw of a ball from the

urns at the end of the round. Note that along with each action option for Player 2, the

expected number of blue/red balls associated with the urn post-mixing is also provided

to ease the need for Player 2 to do the calculations. This decision screen for Player 2s
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in the Status Quo condition is shown in A25 and shown in A26 for those in the Holistic

condition.

Figure A25: Player 2 Stage Game Decision Screen for Status Quo

Figure A26: Player 2 Stage Game Decision Screen for Holistic

After both players have made their decisions for each round, a screen showing the

actual ball(s) drawn from the urn(s) at the end of the round and the earnings for the

player in the round is shown. A table summarizing the actions taken by each player,
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actual ball drawn, and each player’s earnings and bank in each previous round is shown

at the bottom of this page. This table is also shown in the bottom of each decision screen.

The post-decision screen summarizing actions, balls drawn and payoffs for each round is

shown below (Figure A27 for Player 1 and Figure A28 for Player 2.).

Figure A27: Player 1 Stage Game Post-Decision Screen

Figure A28: Player 2 Stage Game Post-Decision Screen
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A.1.6 Demographic Information Collection

We constructed the survey tool to gather demographic information using Qualtrics soft-

ware for customers who clicked the URL on Prolific to participate in the experiment.

Upon opening the link, respondents must read and consent to continue (see Figure A29).

Figure A29: Consent screen

Then, the subjects are asked to answer a series of questions listed below before they

are redirected to the game itself. These question gather information about the subject

on their (in the order of appearance): race (Figure A30) and ethnicity (A31), sex (Figure

A32), state of residence (Figure A33), age (Figure A34), employment status (Figure A35),

and education (Figure A36).
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Figure A30: Survey Question about Subject’s Race

Figure A31: Survey Question about Subject’s Ethnicity

Figure A32: Survey Question about Subject’s Sex

Figure A33: Survey Question about Subject’s State of Residence
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Figure A34: Survey Question about Subject’s Age

Figure A35: Survey Question about Subject’s Employment Status
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Figure A36: Survey Question about Subject’s Education Status

After providing demographic information, the subjects will asked to submit their

Prolific ID and will be automatically redirected to the game itself (see Figure A37).

Figure A37: Transition Screen to Game
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A.3 Supplementary Tables

Table A1: Impact on Bad Outcomes (Red Balls Drawn)

(1) (2) (3) (4) (5) (6)
% Red Balls % Red Balls % Red Balls
for all Urns for Low Blue Urns for High Blue Urns

Status Quo 0.034+ 0.031+ 0.026 0.031 0.041+ 0.032
(0.018) (0.0167) (0.024) (0.023) (0.022) (0.021)

Jar # Blue Balls -0.002∗∗ -0.003∗∗ -0.001+

(0.000) (0.000) (0.000)

High Urn # Blue Balls -0.004∗∗ -0.000 -0.007∗∗

(0.000) (0.001) (0.001)

Low Urn # Blue Balls -0.004∗∗ -0.008∗∗ 0.000
(0.000) (0.001) (0.001)

Constant 0.428∗∗ 0.941∗∗ 0.589∗∗ 1.055∗∗ 0.267∗∗ 0.826∗∗

(0.013) (0.037) (0.018) (0.056) (0.015) (0.053)
N 1620 1620 1620 1620 1620 1620
R2 0.003 0.115 0.001 0.120 0.002 0.086
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi +Xiγ +ϵi. The ball drawn from each urn at the end of each round could be either Blue
or Red: We model bad health outcomes as the drawing of red balls. The outcome of interest reported
in this table is “% Red Ball.” This outcome is the percentage urns from which a red ball was drawn
at the end of the round of that urn, representing the percentage of transplant candidates/patients
getting a bad health outcome (e.g. mortality rate). The results here are conditional on Player 1 having
recovered jars and made an offer to Player 2. The independent variable “Status Quo” indicates the
status quo condition where the incentives resemble the current fragmented regulations. “Jar # Blue
Balls” is the number of blue balls in each of the jars. “High Urn # Blue Balls” is the number of blue
balls in the high blue urn. “Low Urn # Blue Balls” is the number of blue balls in the low blue urn.
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Table A2: Impact on Bad Outcomes (Red Balls Drawn) for the “Healthiest” (Urns with
≥ 90% Blue Balls) and “Sickest” (Urns with ≤ 10% Blue Balls)

(1) (2) (3) (4) (5) (6)
% Red Balls for % Red Balls for % Red Balls for

All Urns when One Urn Sickest Urns Healthiest Urns
is Healthiest or Sickest

Status Quo 0.072∗ 0.046+ 0.130∗∗ 0.100∗ 0.074∗ 0.063+

(0.032) (0.027) (0.045) (0.044) (0.036) (0.036)

Jar # Blue Balls -0.003∗∗ -0.004∗∗ -0.001
(0.000) (0.001) (0.001)

High Urn # Blue Balls -0.006∗∗ -0.003∗∗ -0.008
(0.001) (0.001) (0.006)

Low Urn # Blue Balls -0.003∗∗ -0.014+ 0.001
(0.001) (0.007) (0.001)

Constant 0.411∗∗ 1.150∗∗ 0.731∗∗ 1.273∗∗ 0.062∗∗ 0.832
(0.022) (0.065) (0.035) (0.103) (0.020) (0.572)

N 539 539 300 300 295 295
R2 0.012 0.255 0.026 0.129 0.016 0.038
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. This table reports only results from urns that are among the “Healthiest”
(Urns with ≥ 90% Blue Balls) and “Sickest” (Urns with ≤ 10% Blue Balls. The ball drawn from each
urn at the end of each round could be either Blue or Red: We model bad health outcomes as the
drawing of red balls. The outcome of interest reported in this table is “% Red Ball.” This outcome is
the percentage urns from which a red ball was drawn at the end of the round of that urn, representing
the percentage of transplant candidates/patients getting a bad health outcome (e.g. mortality rate).
The results here are conditional on Player 1 having recovered jars and made an offer to Player 2. The
independent variable “Status Quo” indicates the status quo condition where the incentives resemble
the current fragmented regulations. “Jar # Blue Balls” is the number of blue balls in each of the
jars. “High Urn # Blue Balls” is the number of blue balls in the high blue urn. “Low Urn # Blue
Balls” is the number of blue balls in the low blue urn.

73



Table A3: Impact on Bad Outcomes (Red Balls Drawn) for those NOT “Healthiest”
(Urns with ≥ 90% Blue Balls) or “Sickest” (Urns with ≤ 10% Blue Balls)

(1) (2) (3) (4) (5) (6)
% Red Balls % Red Balls % Red Balls
for all Urns for Low Blue Urns for High Blue Urns

Status Quo 0.015 0.019 0.004 0.014 0.027 0.023
(0.021) (0.021) (0.025) (0.025) (0.027) (0.026)

Jar # Blue Balls -0.001∗∗ -0.003∗∗ -0.001
(0.000) (0.000) (0.000)

High Urn # Blue Balls -0.003∗∗ 0.000 -0.007∗∗

(0.001) (0.001) (0.001)

Low Urn # Blue Balls -0.003∗∗ -0.008∗∗ -0.000
(0.000) (0.001) (0.001)

Constant 0.437∗∗ 0.856∗∗ 0.556∗∗ 1.012∗∗ 0.317∗∗ 0.819∗∗

(0.015) (0.055) (0.019) (0.067) (0.018) (0.067)
N 1081 1081 1320 1320 1325 1325
R2 0.000 0.058 0.000 0.086 0.001 0.049
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. This table reports only results from urns that are among those NOT
“Healthiest” (Urns with ≥ 90% Blue Balls) or “Sickest” (Urns with ≤ 10% Blue Balls). The ball
drawn from each urn at the end of each round could be either Blue or Red: We model bad health
outcomes as the drawing of red balls. The outcome of interest reported in this table is “% Red Ball.”
This outcome is the percentage urns from which a red ball was drawn at the end of the round of
that urn, representing the percentage of transplant candidates/patients getting a bad health outcome
(e.g. mortality rate). The results here are conditional on Player 1 having recovered jars and made an
offer to Player 2. The independent variable “Status Quo” indicates the status quo condition where
the incentives resemble the current fragmented regulations. “Jar # Blue Balls” is the number of blue
balls in each of the jars. “High Urn # Blue Balls” is the number of blue balls in the high blue urn.
“Low Urn # Blue Balls” is the number of blue balls in the low blue urn.
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Table A5: Impact on Bad Outcomes (Red Balls Drawn) for Alternative Sample

(1) (2) (3) (4) (5) (6)
% Red Balls % Red Balls % Red Balls
for all Urns for Low Blue Urns for High Blue Urns

Status Quo 0.034+ 0.031+ 0.026 0.031 0.041+ 0.032
(0.018) (0.0167) (0.024) (0.023) (0.022) (0.021)

Jar # Blue Balls -0.002∗∗ -0.003∗∗ -0.001+

(0.000) (0.000) (0.000)

High Urn # Blue Balls -0.004∗∗ -0.000 -0.007∗∗

(0.000) (0.001) (0.001)

Low Urn # Blue Balls -0.004∗∗ -0.008∗∗ 0.000
(0.000) (0.001) (0.001)

Constant 0.428∗∗ 0.941∗∗ 0.589∗∗ 1.055∗∗ 0.267∗∗ 0.826∗∗

(0.013) (0.037) (0.018) (0.056) (0.015) (0.053)
N 1620 1620 1620 1620 1620 1620
R2 0.003 0.115 0.001 0.120 0.002 0.086
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. The data here is from the alternative sample with revised experimental
parameters. The ball drawn from each urn at the end of each round could be either Blue or Red: We
model bad health outcomes as the drawing of red balls. The outcome of interest reported in this table
is “% Red Ball.” This outcome is the percentage urns from which a red ball was drawn at the end of
the round of that urn, representing the percentage of transplant candidates/patients getting a bad
health outcome (e.g. mortality rate). The results here are conditional on Player 1 having recovered
jars and made an offer to Player 2. The independent variable “Status Quo” indicates the status quo
condition where the incentives resemble the current fragmented regulations. “Jar # Blue Balls” is
the number of blue balls in each of the jars. “High Urn # Blue Balls” is the number of blue balls in
the high blue urn. “Low Urn # Blue Balls” is the number of blue balls in the low blue urn.
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Table A6: Impact on Bad Outcomes (Red Balls Drawn) for the “Healthiest” (Urns with
≥ 90% Blue Balls) and “Sickest” (Urns with ≤ 10% Blue Balls) with Alternative Sample

(1) (2) (3) (4) (5) (6)
% Red Balls for % Red Balls for % Red Balls for

All Urns when One Urn Sickest Urns Healthiest Urns
is Healthiest or Sickest

Status Quo 0.072∗ 0.046+ 0.130∗∗ 0.100∗ 0.074∗ 0.063+

(0.032) (0.027) (0.045) (0.044) (0.036) (0.036)

Jar # Blue Balls -0.003∗∗ -0.004∗∗ -0.001
(0.000) (0.001) (0.001)

High Urn # Blue Balls -0.006∗∗ -0.003∗∗ -0.008
(0.001) (0.001) (0.006)

Low Urn # Blue Balls -0.003∗∗ -0.014+ 0.001
(0.001) (0.007) (0.001)

Constant 0.411∗∗ 1.150∗∗ 0.731∗∗ 1.273∗∗ 0.062∗∗ 0.832
(0.022) (0.065) (0.035) (0.103) (0.020) (0.572)

N 539 539 300 300 295 295
R2 0.012 0.255 0.026 0.129 0.016 0.038
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. This table reports only results from urns that are among the “Healthiest”
(Urns with ≥ 90% Blue Balls) and “Sickest” (Urns with ≤ 10% Blue Balls. The data here is from the
alternative sample with revised experimental parameters. The ball drawn from each urn at the end of
each round could be either Blue or Red: We model bad health outcomes as the drawing of red balls.
The outcome of interest reported in this table is “% Red Ball.” This outcome is the percentage urns
from which a red ball was drawn at the end of the round of that urn, representing the percentage of
transplant candidates/patients getting a bad health outcome (e.g. mortality rate). The results here
are conditional on Player 1 having recovered jars and made an offer to Player 2. The independent
variable “Status Quo” indicates the status quo condition where the incentives resemble the current
fragmented regulations. “Jar # Blue Balls” is the number of blue balls in each of the jars. “High
Urn # Blue Balls” is the number of blue balls in the high blue urn. “Low Urn # Blue Balls” is the
number of blue balls in the low blue urn.
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Table A7: Impact on Bad Outcomes (Red Balls Drawn) for those NOT “Healthiest”
(Urns with ≥ 90% Blue Balls) or “Sickest” (Urns with ≤ 10% Blue Balls) with Alternative
Sample

(1) (2) (3) (4) (5) (6)
% Red Balls % Red Balls % Red Balls
for all Urns for Low Blue Urns for High Blue Urns

Status Quo 0.015 0.019 0.004 0.014 0.027 0.023
(0.021) (0.021) (0.025) (0.025) (0.027) (0.026)

Jar # Blue Balls -0.001∗∗ -0.003∗∗ -0.001
(0.000) (0.000) (0.000)

High Urn # Blue Balls -0.003∗∗ 0.000 -0.007∗∗

(0.001) (0.001) (0.001)

Low Urn # Blue Balls -0.003∗∗ -0.008∗∗ -0.000
(0.000) (0.001) (0.001)

Constant 0.437∗∗ 0.856∗∗ 0.556∗∗ 1.012∗∗ 0.317∗∗ 0.819∗∗

(0.015) (0.055) (0.019) (0.067) (0.018) (0.067)
N 1081 1081 1320 1320 1325 1325
R2 0.000 0.058 0.000 0.086 0.001 0.049
Standard errors (Robust, clustered by player-pairings) in parentheses
+ p < 0.1, ∗ p < 0.05, ∗∗ p < 0.01

Notes: This table presents the estimated parameter results for the estimation model Yi = β0 +
β1StatusQuoi + Xiγ + ϵi. This table reports only results from urns that are among those NOT
“Healthiest” (Urns with ≥ 90% Blue Balls) or “Sickest” (Urns with ≤ 10% Blue Balls). The data
here is from the alternative sample with revised experimental parameters. The ball drawn from each
urn at the end of each round could be either Blue or Red: We model bad health outcomes as the
drawing of red balls. The outcome of interest reported in this table is “% Red Ball.” This outcome is
the percentage urns from which a red ball was drawn at the end of the round of that urn, representing
the percentage of transplant candidates/patients getting a bad health outcome (e.g. mortality rate).
The results here are conditional on Player 1 having recovered jars and made an offer to Player 2. The
independent variable “Status Quo” indicates the status quo condition where the incentives resemble
the current fragmented regulations. “Jar # Blue Balls” is the number of blue balls in each of the
jars. “High Urn # Blue Balls” is the number of blue balls in the high blue urn. “Low Urn # Blue
Balls” is the number of blue balls in the low blue urn.
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